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Abstract

We propose a novel approach for testing for speculative bubbles in segmented capital markets. The
basic idea is that, under capital controls, heterogeneity of speculative expectations across international
equity markets causes financial assets with identical cash flow promises to trade at different prices. Be-
cause these deviations from the law of one price inherit the properties of the speculative bubble process,
they display periods of explosive dynamics and have predictive power for future movements in equity
prices in sample. These two hypotheses can be examined empirically using sequential unit root tests
and predictive regressions. An attractive feature of this approach for bubble detection is that it does
not require the specification of a model for market fundamentals, thus mitigating the well-known joint
hypothesis problem. The focus of the paper is on mainland Chinese companies that cross list shares in
Hong Kong. China is an ideal setting for our analysis because of the significant restrictions on capi-
tal movements imposed by the authorities and the turbulent behaviour of its stock market over the last

decades.
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1 Introduction

China’s stock market: A crazy casino (The Economist, May 261 2015)

Since the re-opening of the Shanghai stock exchange (SSE) and the foundation of the Shenzhen stock ex-
change (SZSE) in the early 1990s, the Chinese stock market has experienced a remarkable growth. Starting
from just a handful of listed companies in 1990 and a tiny market capitalization, it expanded to over three
thousand firms in 2017 and a market capitalization of seven trillion dollars, ranking second worldwide be-
hind the United States (Carpenter and Whitelaw, 2017). While the Chinese stock market has grown rapidly
over the last decades, movements in Chinese share prices have been anything but tranquil, with spectacular
price rallies followed by severe market crashes occurring in the 1990s, 2000s, and 2010s. Such extreme
financial events appear difficult to explain using observed market fundamentals and have led to a consensus
that speculative forces are in action in the Chinese stock market. Notably, in his 2001 speech, the preeminent
Chinese economist Wu Jinglian compared China’s stock market to a casino, that is manipulated by specula-
tors and lacks a strong link to fundamentals. The casino term has since been adopted by the popular press
to describe the overall behaviour of Chinese share prices. Given China’s leading role in global economic
growth and investment, the presence of speculative dynamics, bubbles, in the country’s capital allocation
system constitutes a topic of increasing significance.

In general, testing for speculative bubbles in financial markets is confounded by the fact that the fun-
damental value of financial securities is unobserved. Early studies have attempted to address this issue by
utilizing observed variables, such as dividends, to estimate intrinsic values. A major drawback of such direct
approaches is that they depend crucially on the strong and, in most cases, unrealistic assumption that the true
data generating process for fundamentals is known. As argued by several researchers, model misspecifica-
tion or omitted variables can lead to false inference in favour of bubbles, rendering direct approaches invalid
(Hamilton and Whiteman, |1985}; [West, 1987} |[Flood and Garber, |1994; |Giirkaynak, 2008). To circumvent
this problem, more recent studies have employed indirect approaches that exploit information about market
fundamentals incorporated in derivative prices or survey data (Pavlidis et al., 2017, 2018). These studies
show that periodically collapsing bubbles create a wedge between actual realizations of future spot prices
and market expectations which, under general conditions, depends solely on the bubble process. As an im-
plication, rather than using estimates of intrinsic asset values to assess the presence of speculative bubbles,
researchers can examine the dynamics of the difference between actual future spot prices and market expec-

tations. Unfortunately, indirect approaches based on future prices or survey data cannot be applied in the

"Equity warrants were briefly introduced in China in 2005-8 (Liu et al.l 2014). By examining the behaviour of the warrants
market during this period, Xiong and Yu|(2011) provide strong evidence in favour of speculative dynamics. Specifically, they show
that the price of many put warrants with long maturities exceeded both the upper bound given by the strike price and the more
conservative fundamental value implied by the Black and Scholes model.



case of China because derivative markets are at an early stage of development and survey data on market
expectations that cover periods long enough to allow a proper econometric analysis do not existﬂ

In this paper, we propose an alternative approach for testing for rational speculative bubbles that makes
use of the unique trading features of Chinese cross-listed securities. There is a large number of companies
incorporated in mainland China that simultaneously issue A shares on SSE or SZSE, and H shares on the
Stock Exchange of Hong Kong (SEHK). For a given issuer, these two types of shares have identical voting
rights and exchange-rate-adjusted dividend payments (i.e., they have the same fundamentals) but differ in
terms of their accessibility by different groups of investors. Prior to the introduction of the Stock Connect
scheme, Chinese mainland investors could easily access A but not H shares, while international and Hong
Kong investors could readily access H but not A shares because of strict government regulations. The
segmentation of A- and H-share markets implied that price valuations of the same security could differ
across geographical locations without giving rise to arbitrage opportunities (Chen and Knez, {1995} [Froot
and Daboral, [1999; |[Lamont and Thaler, [2003). The main idea of the present paper is that, in this setting
with limits to arbitrage, differences in speculative trading in Chinese mainland and Hong Kong can lead
to distinct bubbles processes in A- and H-share markets. As a consequence, share prices of cross-listed
companies can diverge despite having the same underlying fundamentals.

To demonstrate the theoretical implications of different speculative dynamics in A- and H-share markets,
we adopt a standard asset-pricing model with rational, risk-neutral investors and consider a periodically col-
lapsing bubble process in the market for A but not for H shares. We show that, in this framework, the A-H
price differential displays two characteristic properties when the bubble erupts. First, the price differential
grows (in expectation) at an exponential rate, thus displaying explosive dynamics and, second, it has predic-
tive content for future changes in A-share prices. These two properties can be examined empirically to test
for speculative bubbles by exploiting recent advances in recursive unit root tests and in predictive regression
tests with persistent regressors.

For our empirical application, we use data on the Hang Seng AH Premium Index and on a panel of
26 cross-listed companies spanning the period from January 2006 to December 2018. By employing the
popular Generalized Supremum Augmented Dickey Fuller (GSADF) of |Phillips et al.|(2015alb)) and its panel
version, we show that A-H price differentials display episodes of explosive dynamics. These episodes are
relative short and coincide with periods commonly considered to be characterized by speculative bubbles.
Namely, the Chinese stock market frenzy of 2007 and the Chinese stock market crash of 2014-2015. A
similar conclusion is reached by looking at the predictive regression results, which indicate periods of in-
sample predictability, again, during 2007 and 2014-15. Thus, in line with the casino hypothesis, our findings
support the presence of speculative dynamics in the Chinese stock market prior to 2015. On the contrary,
we find no evidence of speculative bubbles after the 2014-15 market crash. As we discuss in more detail

in the empirical results section, during this latter period mutual stock market connectivity was established



between mainland China and Hong Kong through the Shanghai- and Shenzhen-Hong Kong Stock Connect
programs. By raising the degree of financial integration of China into the global economy, these programs
gradually increased capital flows across markets.

The presence of distinct bubble processes in mainland China and Hong Kong provides a possible expla-
nation for one of the most intriguing puzzles in finance: the large and highly persistent share price deviations
of Chinese cross-listed companies (Fernald and Rogers| [2002; |(Carpenter and Whitelaw, 2017). A number
of factors have been put forth in the literature as determinants of foreign share discounts, such as different
attitudes toward risk, information asymmetries, changes in exchange rate expectations, liquidity and trans-
action costs (Wang and Jiang, [2004; [Chan et al., 2008; Chung et al., [2013). As a final exercise, we use a
dynamic panel probit methodology to investigate whether such factors can explain the identified episodes of
exuberance in A-H price differentials. The estimation results suggest that the likelihood of bubble formation
is associated with a proxy for credit and a measure of the degree of public dissemination of information.

The rest of the paper is structured as follows. Section 2] provides an overview of the institutional back-
ground of Chinese stock markets. Section [3|outlines the theoretical framework and describes the proposed
bubble detection methods. The following section deals with the empirical application of these methods to
A-H cross-listed shares. The same section provides a robustness exercise based on American Depository
Receipts, discusses the Stock Connect program and its impact on the time-series behaviour of A-H price
differentials, and presents the results of the dynamic panel probit analysis. The final section summarizes our

findings and provides concluding remarks.

2 Institutional Background

China’s modern stock market opened only in the early 1990s with the re-establishment of SSE on
November 26, 1990 and the foundation of SZSE on December 1, 1991. Upon their opening, SSE listed eight
companies and had a market capitalization of 1.2 billion renminbi (RMB), and SZSE listed six companies
with a total share capital of 273 million RMB. In 2016, the number of listings in SSE and SZSE increased
to 3,134 firms and their combined market capitalization reached 51 trillion RMB, which corresponded to 68
percent of the country’s gross domestic product.

There are two types of tradable shares issued by Chinese firms listed on SSE and SZSE, the so-called

*During our sample period, China implemented a number of schemes aiming to gradually open its capital market to overseas in-
vestors. In 2002, the Qualified Foreign Institutional Investor (QFII) program was launched, which allowed overseas financial insti-
tutions that met a set of admission requirements to invest in China’s securities markets subject to quotas. In 2011, a second scheme,
the Renminbi QFII (RQFII), was jointly established by the CSRC, the People’s Bank of China, and the State Administration of
Foreign Exchange (SAFE). The scheme allowed subsidiaries of domestic financial institutions in Hong Kong to invest in mainland
stock markets. As of February 2016, 279 foreign institutions had been granted QFII licenses and 158 institutions RQFII licenses.
The total QFII and RQFII quotas were 80.795 billion US dollars and 471.425 billion RMB, respectively, which represented a small
fraction of total market capitalization.



A and B shares. The market for A shares is by far the largest, accounting for the lion’s share of trading
volume and market capitalization. A shares are quoted in domestic currency (RMB) and, until recently,
were primarily traded by mainland Chinese citizens due to strict capital controls imposed by the Chinese
authoritiesE] B shares, on the other hand, are traded in foreign currency (US dollars in Shanghai and Hong-
Kong dollars in Shenzhen) and were limited to foreign investors until February 2001, when China Securities
Regulatory Commission (CSRC) permitted their purchase by mainland citizens via the secondary market.

Since 1993, Chinese firms can also list shares on stock exchanges outside mainland China to raise
capital from abroad. Due to its geographical proximity and extensive socio-economic links to the mainland,
the most popular location is Hong Kong. Compared to SSE and SZSE, the Stock Exchange of Hong Kong
(SEHK) constitutes a more advanced financial market, it has adopted financial reporting standards that are
in alignment with the IFRS since 2005, and it is open to foreign investors. In 2016, 241 Chinese firms issued
shares in SEHK with a market capitalization exceeding 24 trillion Hong-Kong dollars. This type of shares,
referred to as H, is subject to the Hong Kong Exchanges and Clearing Limited listing requirements, and
are quoted and traded in Hong Kong dollars. Analogously to the market for A shares, investors residing in
mainland China had very limited access to the market for H shares until 2015 due to tight restrictions on
capital rnovements

A key feature for our analysis is that a number of Chinese companies issue both A shares in mainland
China and H shares in Hong Kong. Apart from their trading location, these cross-listed securities are iden-
tical. They have the same legal rights and the same claims to exchange-rate adjusted dividends. Moreover,
cross-listed Chinese companies are required to disclose the same information to local and overseas investors
(J1a et al., 2017). Thus, in the absence of market frictions, A and H shares should trade for the same price.
However, due to the segmentation of A and H markets, deviations from the law of one price are typical, with

A shares usually trading at a premium.

INSERT TABLE(I

A potential explanation for the documented A-H price disparities is investor heterogeneity between
markets. On the one hand, the market for A shares is dominated by local, retail investors. These investors
account for more than 80 percent of the trading volume and, as survey evidence suggests, are less expe-
rienced than US investors and younger, with more than half being under 45 years of age (see, (Gan et al.,
2014, |[Feng and Seasholes|, 2003, and the 2013 CSRC securities report). On the other hand, retail investors

comprise only a small part of the Hong Kong market (25 percent during our sample period), with most of

3In 2006, the Qualified Domestic Institutional Investor (QDII) program was launched which provided limited opportunities for
mainland investors to access overseas markets, including Hong Kong, via CSRC approved financial institutions. As of December
2015, 132 institutions had been granted QDII qualification, and SAFE had approved investment quotas of 90 billion US dollars.



the trading volume being generated by institutional investors (60 percent). Trading from overseas investors
(mainly from the United States and Europe) is also substantial, accounting for 40 percent of the total volume
(see Table[I)). Mei et al.| (2005), among others, argue that, because of their type and age composition, stock
market investors in mainland China are more likely to engage in intense speculative trading.

As we discuss in Section ] a factor that may magnify the effect of speculative trading on A-H prices
disparities is differences in the institutional features of short selling across markets. While short selling
has been permitted in Hong Kong since January 1994, it was not until March 2010 that China launched
a pilot program allowing 90 constituent stocks of the SSE and SZSE composite indices to be sold short
and purchased on marginf_f] The main objective of the program was to improve information efficiency, thus
facilitating the price discovery process, and to generate trading liquidity. In 2011, the CSRC announced
that the pilot scheme would become routine practice, and in subsequent years, the list of eligible stocks was
revised and expanded several times. By December 2016, the number of eligible stocks increased to 950,
representing one-third of the total number of firms issuing A shares. Despite the gradual removal of the ban
on margin trading and securities lending in mainland Chinese markets, the associated margin financing and
shorting costs are higher by an order of magnitude compared to more developed financial markets (see, e.g.,
Chang et al., [2014).

3 Speculative Bubbles: Theory and Econometric Tests

We begin our analysis with a standard endowment economy in which rational, infinitely-lived investors
derive utility from personal consumption (Diba and Grossman), [1988; |Giirkaynak, 2008). In this economy,

the representative investor’s objective is to
[e.e]
maXETZBT_tu(CT), (1)
T=t

where C; denotes the level of consumption at period 7, E; is the rational expectations operator conditional
on all available information at time 7, and (3 is a discount factor that is restricted to take values in (0,1)
so that time preferences are positive. The instantaneous utility function, u(-), is assumed to be concave,
increasing in C, and continuously differentiable.

At each time period, 7, the investor is faced with a budget constraint. She receives an endowment .-
which can be instantly consumed or used to purchase dividend-paying shares, s, in order to smooth future

consumption. Letting P, denote the price of a share in units of the consumption good and D, the dividend

“The CSRC also conducted a few small pilot programs in 2007 and 2008.



payment, the budget constraint faced by the investor is given by
C’T <yr+ (ST+1 - ST)PT + DTST' (2)

The first order condition for the investor’s utility maximization problem specified by (I) and (2) is given
by
Piu(Cy) = BEL[(Pig1 + D)t/ (Crpn)]- (3

Intuitively, the above Euler equation states that for a time-path of s to be optimal, an investor cannot become
better off by selling or buying a share at time ¢ and reversing the transaction at time ¢ + 1. By assuming that
financial and goods markets clear and normalizing the number of existing shares to unity, Equation (3) can

be rewritten as

Eiqii1]) — B gt = —Ei[u/ (Y1 + Dig1)Disal, 4

where ¢; = Pyu/(y: + D¢). The general solution to this first order stochastic difference equation is given by
qt = by + By, (5)

where the first term of the RHS is referred to as the market fundamentals component because it depends on
the present value of all future dividends and the marginal utilities of consumption, F; = Z;‘;l BBy (yi4j+

Dy j)Dy+;]; while, the second term is a rational bubble component that satisfies the condition
Ey[Bey1] = B~ By. ©)

In the empirical literature on rational bubbles, B; is usually viewed to be driven by variables that are ex-
ogenous to the valuation process. Moreover, it is often assumed that utility is linear, which implies risk
neutrality and constant marginal utility. Under this latter assumption, the general solution to (#) simplifies

to the textbook asset pricing equation

oo
P =F,+ B, =) B E[Dy;]+ B, (7
j=1
which links the current stock price to the bubble process B; and to a market-fundamentals component that
equals the discounted value of expected future dividends.

The above analysis has important implications for econometric tests for rational speculative bubbles. By

5The increasing difference between actual and intrinsic asset values arises because of investors’ expectation to sell the asset at
an even higher price in a future date. Note, however, that these large, expected capital gains do not imply arbitrage opportunities
since they are already priced in the market. That is, the evolution of asset prices satisfies the requirement of market efficiency by
construction.



condition @, if a bubble exists then it will grow, in expectation, geometrically at the rate of 371 — 1. It
follows from Equation (/) that the stock price will display explosive dynamics and diverge from its funda-
mental value over timeE] This prediction has motivated a plethora of studies that employ non-stationarity
tests to examine the presence of speculative bubbles in financial markets. Some studies have applied unit
root tests to stock prices and price-to-fundamentals ratios (such as stock prices to dividends). Others have
examined the existence of cointegrating relationships between prices and observed market fundamentals.
The main drawback of such direct approaches is that they rely on strong assumptions about the data generat-
ing process for market fundamentals which are difficult to verify in practice. Specifically, tests on raw prices
implicitly assume that the fundamental component in does not display explosive dynamics in sample.
Whilst, tests that control for market fundamentals by using observed economic and financial variables are
subject to model misspecification and omitted-variable problems. As argued by several researchers, these

deficiencies can lead to false inference (Giirkaynakl, [2008]).

3.1 Cross-Listed Securities

Consider an extension of the above framework to two segmented, but otherwise identical economies, A
and H, in which investors trade shares of the same storable asset locally. In this setting, there is an asset

pricing equation for each economy given by
P =F + B, @®)

with i = A, H. Because investors are entitled to the same stream of dividend payments irrespective of
their location, their valuations for the market fundamental components of A- and H-share prices satisfy
FA = FH. However, there are no forces that guarantee equality of the bubble components Bf* and Bf.
This is so because arbitrage between markets is not feasible and market efficiency dictates that { B }?°, can
be any sequence of random variables that satisfies condition (6). Thus, allowing for speculative bubbles in

financial markets gives rise to the possibility of non-unique asset price paths for A and H shares,
P - P = B - B, ©

and can lead to violations of the law of one price. The above expression lies in the heart of our analysis. It
suggests that the price differential between A and H shares, first, does not depend on market fundamentals
and, second, it displays the same behaviour as the difference in bubble sequences. As long as B{‘ and B
are not co-explosive, the price differential will exhibit explosive dynamics (see [Nielsenl 2010). Therefore,
one can test for the presence of distinct speculative bubbles, while remaining agnostic about the intrinsic

value of the asset, by simply running right-tailed unit root tests on PtA — PH,



Recursive Unit Root Tests The property that PtA — P! is explosive when Bf‘ and B! do not co-explode
holds irrespective of the type of speculative bubble. The simplest scenario is that of a linear AR(1) process
for B{

Bi, =8B + €141, (10)

where €;11 ~ iid(0, 02), and no bubbles in the market for H shares, B}’ = 0. For the case of the Chinese
market, it is more realistic to presume that bubbles, if they exist, are periodically collapsing. For expositional

purposes, we focus on the periodically-collapsing bubble proposed by Blanchard| (1979)

L BA 4+ €41, withprob. w
Bf\ ={ o (1)

€t+1, with prob. 1 — 7.

This process switches between two states. In the first state, it grows geometrically at the higher than average
rate of 1/(5m) — 1, whilst in the second state it collapses to a white noise. In expectation, the growth rate of
B{‘ equals 3~! — 1 and, therefore, Equation satisfies (@ By resembling the behaviour of the bubble
process, the price differential

PA— PH = BA, (12)

also alternates between an explosive and a stationary state. As will be shown in the following section, this
behaviour is in line with the price rallies and subsequent collapses that have characterized the A-H premium
index over the last decades.

From an empirical perspective, the presence of boom-bust dynamics in P/ — P/’ implies that standard
unit root tests based on linear, time-invariant regression equations may display extremely low power to
detect bubbles. A number of studies illustrate that such tests frequently lead to finding spurious stationarity
even though asset prices driven by periodically-collapsing bubbles are inherently explosive (see, e.g., Evans,
1991)). To deal with this shortcoming, in this paper we employ the GSADF test of |Phillips et al.| (2015alb)
and its panel version proposed by Pavlidis et al.|(2016). The GSADF test has a number of attractive features.
First, due to its recursive nature, it is consistent with multiple changes in regime. Second, it displays accurate
size and good power properties and in many cases is superior to alternative tests for periodically-collapsing
bubbles (for simulation evidence, see Phillips et al., 2015a, and Homm and Breitung, 2012). And third, it
permits identification of the periods during which the series under examination displays explosive dynamics.
The panel version, on the other hand, introduces a rich specification, that captures the heterogeneity and
cross-sectional dependencies of constituent series, in order to test for overall exuberance. By doing so,
it can lead to substantial power gains in comparison to univariate unit root procedures applied to aggregate
series (Pavlidis et al.,2019). A description of the GSADF and panel GSADF tests can be found in Appendix



Rolling Predictive Regressions The presence of distinct asset price bubbles has also implications for

predictability tests on stock prices. Consider the following predictive regression
Piiy = P = a0+ oa (P = P') + upsa, (13)

where o and «; are regression coefficients, and the error term 141 ~ iid(0,02). In the absence of
speculative bubbles and under risk neutrality, the efficient market hypothesis postulates that movements in
stock prices are unpredictable and, therefore, the value of the slope coefficient in (I3) is continuously equal
to zero. However, this prediction may fail in the presence of distinct bubbles. To illustrate this point most
simply, let fundamentals follow a random walk process, F;11 = F} 4+ vey1, and consider again the case of
an ongoing bubble in the market for A shares but no bubble in the market for H shares. The least squares

estimate for the slope coefficient in regression (13) is

C/O\U(P{L - P P =P
var (P — Pf)

ap = 14)

We have already obtained an expression for the regressor in (14)), see Equation (12). Using Equation (TT)),
we can also obtain the following expression for the regressand

1—m
PA, - PA = WB;“ + €441 + Vg1 (15)

Substituting (12) and (I5) into the formula for the least-squares coefficient yields

__1—7  éov(er, BfY) | cov(ve, BY)
ap = — —
! B var(B{‘) var(Bg“)

Because the vector of future shocks (¢;41, v;+1) is orthogonal to BfY, the plim of cov(e;11, Bf') /var(B;)

and of cov (v, 1, Bf') /var(B;{}) are zero. Therefore, as the bubble erupts

1—m

plim a; = >0, (16)

ek
and price movements in A shares become predictable. Note, however, that this ex post predictability cannot
be exploited in real time by investors, who rationally price A shares by attaching a non-zero probability
to the bubble bursting, and therefore it does not imply rejection of market efficiency. Note also that, in
the absence of bubbles, explosive fundamentals cannot cause o to deviate from zero since in this case the
regressor will be fixed at P — P1 = 0.

The above analysis suggests that, if the null of non-explosive dynamics in P — P/ is rejected, then

researchers can further examine the presence of speculative bubbles by sequentially testing the hypothesis

10



of no predictability, Hy : a; = 0, against the one-sided alternative H; : oy > 0. An issue of concern in this
framework is that the predictor in regression is highly persistent under the alternative hypothesis. As
a consequence, the slope coefficients a;; follows a non-standard limiting distribution, and results based on
conventional inference methods can be misleading (Phillips, [2014). Several methods have been proposed
in the literature to draw valid statistical inference in this setting, such as the efficient ()-test of [Campbell
and Yogo| (2006), the conditional likelihood approach of Jansson and Moreiral (2006), the nearly optimal
test of |[Elliott et al.| (2015)), and the bootstrap procedures of Kilian| (1999) and Kilian and Taylor| (2003). We
adopt a rolling-window approach that consists of sequentially estimating predictive regressions and drawing
statistical inference using the IVX instrumentation method of Phillips and Magdalinos| (2009), Phillips and
Lee| (2013), and [Kostakis et al.| (2015). The IVX method is particularly attractive in this setting because it
allows robust chi-square inference for a wide range of AR processes, from stationary to mildly explosive.

For a description of the IVX testing procedure, the interested reader is referred to Appendix [A.2]

4 Empirical Results

In this section, we apply the above bubble detection methods to data on Chinese A-H twin shares. We
also provide a robustness check, which examines Chinese American Depository Receipts traded in the New
York Stock Exchange, and discuss the effect of the Stock Connect program on A-H price differentials. Fi-
nally, we explore the ability of a number of factors, that have been put forth in the literature as potential
determinants of foreign share discounts, to explain episodes of exuberance in A and H share price differ-

ences.

4.1 A and H Shares

Data For our main empirical analysis, we employ the Hang Seng AH premium index, and a balanced
panel of 26 Chinese companies simultaneously listed on SEHK and SSE or SZSE. The data are downloaded
from Thomson Reuters Datastream and cover the period from the first week of January 2006 to the last week
of December ZOISE] The reason for setting the start date at January 2006 is twofold. On the one hand, this
choice allows us to examine the Chinese stock market frenzy of 2007 and, on the other, we avoid potential
biases related to, first, the A-share market reforms that occurred in April 2005 and, second, the change in the

exchange-rate regime that took place in July of the same year[] With regard to the data frequency, the use of

SThe entire population of companies that listed both A and H shares throughout our sample period is 29. We have discarded
three companies, Luoyang Glass and Hisense Kelon Electrical Holdings, due to the large number of missing observations, which
exceeds 15% of the sample size, and Shenji Group Kunming Machine Tool Company Limited due to cancellation of listing. For
the remaining companies, for which the percentage of missing data is small (less than 6%), we have replaced missing data with the
latest available observation.

"On the 29th of April 2005, the Chinese government implemented the Split Share Structure Reform which led to a substantial
reduction in the number of state owned non-tradable shares. On the 21st of July 2005, China abandoned its peg to the US dollar,

11



weekly prices enables us examine a large sample size (1" =678 observations), which may lead to substantial
power gains in detecting periodically-collapsing bubbles, especially if these are short-lived.

Table 2] reports the list of companies together with their stock ticker, the stock exchange on which they
are listed, and the corresponding market sector. As can be seen from the table, the majority of shares (22
out of 26) are traded on SSE, which accounts for the largest share of total market capitalization in mainland
China. Furthermore, the sample spans all but three stock market sectors, from energy and materials to
utilities, health care and information technology. From this perspective, the sample is quite representative

of the market.

INSERT TABLE

The three sectors not covered in our analysis are communications, financial, and real estate. Regarding
the latter, China has experienced a spectacular real estate boom during the last decades. [Fang et al.| (2016)
show that real estate prices in the four most developed metropolitan areas (Beijing, Shanghai, Shenzhen,
and Guangzhou) grew by 13 percent per annum from 2003 to 2013; and |Wu et al.[(2015)) find that real land
prices in 35 major Chinese cities increased by a factor of five for a sample period similar to ours. The sheer
magnitude of these price changes makes the Chinese real estate boom even more spectacular than the one
experienced by the US in the 2000s, and has raised concerns about the presence of speculative dynamics in
the sector (Glaeser et al., [2017; (Chen and Wen, [2017). In line with these concerns, several studies provide
evidence in favour of bubble-type dynamics in China’s real estate market (Zhi et al.l [2019; Mao and Shen,
2019). Hence, if anything, the omission of real estate from our analysis may bias the results in favour of the

no-bubble null hypothesis.

Summary Statistics Table [3] presents descriptive statistics (means, standard deviations, minimum and
maximum values, and AR(1) coefficient estimates) of the A- to H-share price ratios for the 26 cross-listed
companies. To allow meaningful comparisons between markets, A-share prices are converted to Hong-Kong
dollars. Two stylized facts about the size and the dynamics of A-H price disparities emerge. The first is that
A shares typically sell at a premium relative to H shares. As is evident from Columns 2 and 4 of Table [3]
for the vast majority of companies, this premium is on average substantial, and can reach extreme values
in parts of the sample. A prime example is Sinopec Oilfie, whose A shares traded at almost three times the
price of H shares on average, and at slightly less than nine times the price of H shares in October 2008.

The second fact that emerges is that A-H price ratios are highly persistent, with AR(1) coefficient estimates

which caused an immediate appreciation to 8.11 RMB per US dollar. Since then, China has adopted a managed floating exchange
rate with reference to a basket of foreign currencies.
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very close to unity. The above well-documented facts are difficult to reconcile with standard asset-pricing

models, giving rise to the so-called A-H premium puzzle.

INSERT TABLE 3 & FIGURE[T]

The two stylized facts are also apparent when looking at the aggregate behaviour of A- and H-share
prices. Figure |1{ shows the evolution of the Hang Seng A share and AH premium indices over time. The
latter index measures the price premium/discount of A shares over H shares for the largest and most liquid
cross-listed Chinese companies. Similarly to individual companies, the index typically takes values above
its parity value of 100, averaging around 120 and reaching a maximum of 195 in 2008. The index is also
highly persistent, displaying extraordinary long swings. Interestingly, the most notable AH premium rallies
coincide with the two Chinese stock market ‘bubbles’: the market frenzy of 2007 and the period preceding
the market crash of 2015. Given that the AH premium reflects deviations of asset prices from fundamentals,

Figure[I] hints that the boom episodes in mainland China were driven by speculative trading.

Econometrics Results To formally examine the existence of speculative bubbles in the Chinese stock
market, we run standard ADF and GSADF tests on the AH premium index and on the A-H price differentials
for the 26 cross-listed companies. Following the recommendation of |Phillips et al.| (2015aJb), we choose a
short lag length, k£ = 1, and set the minimum window size in the recursive GSADF procedure by using the
rule of thumb o = 0.01 + 1.8/+/T". Overall, the unit root test results provide several new insights about the

integration properties of the series.

INSERT TABLEM

Looking at the GSADF test statistic for the AH index and the panel GSADF statistic for the group of
companies, presented in Table [, we observe that the null hypothesis of no explosive behaviour can be
rejected by both tests at all conventional significance levels. Thus, there is strong evidence of speculative
bubbles in A-H share price differentials at the aggregate level. Although informative about the overall
behaviour of the Chinese stock market, this finding does not shed light on whether bubbles are widespread
across cross-listed companies. This is so because both the univariate and the panel GSADF tests can, in
principle, reject the null even if a single constituent series displays exuberanceﬁ However, the results for the

disaggregate data suggest that this is not the case. From the 26 cross-listed securities, 21 have statistically

8For the univariate GSADF test, this property follows from the fact that the combination of the explosive constituent series with
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significant GSADF statistics at the one percent significance level and 23 at the five percent. The conclusion
that emerges is that speculative bubbles are prevalent across companies.

Another point that is worth noting is that, although the majority of GSADF statistics exceed the 95 per-
cent critical value, the ADF statistics fail to do so. These findings are not inconsistent. As aforementioned,
standard unit root tests, including the ADF, have extremely low power in detecting speculative bubbles
which collapse in sample. Hence, taken together, the ADF and GSADF test results imply that A-H price

differences display explosive dynamics during parts of, but not the entire, sample.

INSERT FIGURES 2 & [3]

To identify these periods of exuberance, we start by plotting the Backward Supremum ADF (BSADF)
statistics for the A-H premium index, and the panel BSADF statistics for the 26 cross-listed companies
together with their corresponding 95 percent critical value sequence in Figure[2] A comparison of the test
statistics with their critical values indicates that speculative bubbles occurred in 2007 and 2014-15. This
conclusion is supported further by the results for individual companies. Figure [3] shows the periods of
exuberance for each of the 23 cross-listed securities that have statistically significant GSADF statistics at
the five percent level. As is evident from the figure, the episodes of exuberance are clustered around 2007-08
and 2014-15. The fact that bubble episodes are highly synchronised across companies points to the existence
of a market-wide speculative factor that drove A-share prices to diverge from their fundamental values, and
led to the stock market frenzy of 2007 and the market crash of 2014-15. The presence of such a factor
is also in accordance with previous studies which show that changes in foreign share discounts are highly

correlated with movements in the market they trade (Froot and Dabora, [1999).

INSERT FIGURE

Having established the presence of explosive dynamics in A-H twin share prices, we run rolling pre-
dictive regressions of the form given by Equation (I3]). To allow direct comparisons with the unit root test
results, the rolling window size is set equal to the minimum window size . Figure ] shows the periods
of predictability for each of the cross-listed securities in our sample. In accordance with the pattern of the
BSADEF statistics, we observe that the majority of IVX statistics become positive and statistically significant
in 2007 and in 2014-15. Thus, as suggested by the theoretical analysis of Section 3| A-H price differences
have predictive content for future movements in A-share prices during periods of exuberance. Overall, the

above results provide novel evidence in support of speculative bubbles in China’s stock market.
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4.2 Chinese American Depository Receipts

As a robustness check, we repeat the above analysis using a subset of our sample of Chinese companies
for which American Depository Receipts (ADRs) are traded on the New York Stock Exchange. An ADR
represents a bundle of H shares held in trust by a U.S. depository bank. On the one hand, these securities
make it easier for U.S. investors to trade shares of companies incorporated outside the U.S. and, on the
other, they provide a source of capital for China. Like A and H shares, ADRs entitle investors to the same
exchange-rate-adjusted dividend payments and capital gains. However, contrary to A and H shares, limits to
arbitrage between Hong Kong and the U.S. market are far less constraining. If an ADR sells at a premium, a
financial intermediary can purchase H shares in Hong Kong, create a new ADR, and make an instant profit
(Lamont and Thaler, |2003). Thus, arbitrage should restrict ADR and H-share prices from diverging due to
speculation, but not ADR and A-share prices.

INSERT TABLE[5 FIGURES 5| &[6]

Our empirical results are in line with this hypothesis. Starting with the unit root test statistics presented
in Table[5] we observe that the univariate GSADF and panel GSADF tests always fail to reject the null of
non-explosive dynamics in ADR-H price differentials. On the contrary, there is strong evidence in favour
of explosive dynamics for A-ADR price pairs, with all test statistics being significant at the one percent
significance level. The results for the BSADF statistics, summarized in Figure[5] indicate that the periods of
exuberance in the latter series are again synchronised, taking place in 2007 and 2014-15. Thus, they coincide
with those for A-H share prices. Similarly, the IVX predictive regressions, presented in Figure [ suggest
that A-ADR price differentials contain valuable information for predicting A-share price movements during

these periods.

4.3 The Stock Connect Programs

Two major developments for China’s integration into global capital markets took place in the last part
of our sample period. In November 2014, the Shanghai-Hong Kong Stock Connect program was launched
and a similar program, the Shenzhen-Hong Kong Stock Connect, was put into operation in December 2016.
Under the Stock Connect programs, SSE/SZSE and SEHK established mutual order-routing connectivity
which enabled mainland Chinese and international/Hong-Kong investors to trade, specific securities listed
in SEHK and SSE/SZSE, respectively, subject to daily and aggregate quotas. The two programs are open to

exchange participants, who satisfy certain eligibility requirements, and cover all cross-listed shares.

other unit root and/or stationary processes results in an explosive AH index, and for the panel test, it is a direct implication of the
alternative hypothesis of at least one of the elements of the panel displaying explosive dynamics.
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Although the Stock Connect landmark programs established mutual stock market access between main-
land China and Hong Kong, they did not eliminate A-H price disparities. There are two reasons for this
empirical observation. The first reason is that cross-listed shares remained non-fungible under the Stock
Connect scheme. The fact that investors cannot purchase ‘cheap’ H shares in Hong Kong and sell them
onshore implies that A-H price differentials continued to not constitute pure arbitrage opportunities. The
second reason is that Stock Connect is a long-term initiative whose aim is to gradually increase the degree
of financial integration of China into the global economy. Upon its inception, there were several issues in
terms of rules and operations (such as legal ownership rights, investor protection, settlement arrangements
and trading limits) which acted as impediments to capital flows. Due to these issues, the take up of the
programs’ investment quota was anaemic in the first year of operation, representing less than one percent
of trades in the entire market. Since then, regulators have introduced a number of enhancements to address
these issues and to improve operational efficiencies. For instance, real-time delivery versus payment was in-
troduced to address concerns about the absence of real-time settlement, Hong Kong Exchanges and Clearing
Limited started offering special segregated account services to remove some of the obstacles presented by
pre-delivery requirements, aggregate quotas were removed, and daily quotas were raised. These improve-
ments were associated with a steady increase in the average daily northbound and southbound turnover over
time, from less than 1% of equity total to 2% (SZSE/northbound), 3.5% (SSE/northbound), and 8% (south-
bound) in 2018. As can be seen from Figure (1] the increase in turnover coincides with a small but evident
reduction in A-H price disparities, with the AH premium index dropping from 150 in 2015 to around 120
at the end of 2018. Furthermore, our empirical analysis shows that, even though A-H price differentials
are still substantial, there is no statistical evidence in favour of speculative bubbles since the 2014-15 stock
market crash (see Figures and ).

4.4 Sources of AH Premia

Several studies have attempted to explain the AH premium puzzle by looking at market and firm-specific
factors which, under segmented markets, can cause price valuations of the same asset to differ across geo-
graphical locations (Wang and Jiang, 2004; |Cai et al., 2011; |Seasholes and Liu, 2011; |Chung et al.| 2013).
In this section, we explore whether changes in such factors are linked to periods of exuberance in A-H price
differentials. For doing so, we employ a dynamic panel probit (DPP).

Let b; ; denote a binary bubble indicator, which takes the value of unity when the BSADF statistic for
firm 7 exceeds its critical value at time ¢, and zero otherwise. The DPP model can be defined in reference to
a theoretical relationship of the form

Zt = X@{,tﬂ + €it, (17)

where b}, is an unobservable variable that determines the occurrence of a bubble in the share price of firm
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© at time ¢, X ; is a vector of covariates that includes a constant, the lag value of b; ;, and market and firm-
specific variables, (3 is a coefficient vector, and ¢; ; is a normally distributed error term. The binary bubble

indicator b; ; is related to the latent variable b}, according to

1, ifb;, >0
bit = v (18)
0, otherwise,
and the corresponding DPP model is given by
Pr(bis = 1|X;4) = ©(X],8), (19)

where ®(-) denotes the cumulative Gaussian distribution function. This model can be estimated via partial
maximum likelihood, and the corresponding pooled probit estimator is consistent and asymptotically normal
(Wooldridge}, 2001}, Ch. 13).

In line with previous literature, we consider the following potential sources of AH premia:

e Risk Appetite. The differential risk hypothesis postulates that A shares may sell at a premium because
investors in mainland China are less risk averse in comparison to overseas investors and therefore
demand a lower compensation for bearing risk (Ma, |1996). We proxy differences in risk appetite
(risk) by the ratio of variances of A- and H-share returns (Wang and Jiang, [2004; [Chung et al., 2013).
Similarly to |Wang and Jiang| (2004), we measure the variance of returns using the squared residuals

of a regression of returns on their one-period lagged values and local market index returns.

e Liquidity. According to the liquidity hypothesis, investors require compensation in the form of lower
prices for purchasing assets which are relatively less liquid and have higher transaction costs (Amihud
and Mendelson, [1986). We employ two proxies to capture differences in liquidity between markets.
The first is given by the ratio of trading volumes (volume). The second is a transaction cost-based

liquidity measure, defined as the difference between the bid-—ask spreads of A and H shares (spread).

e Changes in Exchange Rate Expectations. Because firms incorporated in mainland China pay divi-
dends in RMB, an expected depreciation of the Chinese currency implies a reduction in the expected
future payoffs received by overseas investors from holding H shares. By altering the present value of
H shares, movements in exchange rate expectations can cause A- and H-share prices to diverge. A
natural way to capture this effect is to include changes in (log) forward exchange rates (forward) in
the DPP model. Unfortunately, forward exchange rates are only available for the period beginning in
June 2009, which does not cover the first bubble episode in Chinese stock markets. To deal with this
shortcoming, we use spot exchange rate returns (spot) in our main analysis. The results for forward

rates, which are reported in Appendix [A.3] are qualitatively similar.
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o Aggregate Market Conditions. Previous studies show that aggregate market conditions are correlated
with AH premia (Ma, [1996; Wang and Jiang, 2004} |(Chung et al., 2013). The findings of these studies
suggest that when mainland Chinese stock markets are more bullish than the Hong Kong market, A-
H price differentials tend to widen and vice versa. Though typically this behaviour is attributed to
investor sentiment (see, e.g., [Stambaugh et al., 2012, and the references therein) it is also consistent
with the presence of a market-wide bubble that drives the prices of individual Chinese securities (as
suggested by the IVX and BSADF results). Irrespective of whether the mechanism generating security
prices involves bubbles or sentimental investors, differences in aggregate market conditions constitute
a speculative source of AH premia and, in this aspect, differ from the factors outlined above which fall
in the category of market fundamentalsﬂ To proxy for relative market conditions, we follow [Chung

et al. (2013) and use the logarithm of the A-share price index over the H-share price index (market).

e Public Dissemination of Informationm Another factor related to speculative trading is the degree of
public dissemination of information. A number of theoretical models predict that, in the presence of
short-sale constraints, heterogeneous beliefs can give rise to price overvaluation (Harrison and Kreps),
1978, Scheinkman and Xiong,[2003)). In these models, investors are willing to pay a price that exceeds
the intrinsic value of an asset because they expect to profit from selling the asset to a more ‘optimistic’
investor in the future. By reducing the dispersion of beliefs across agents and, thereby, lowering the
probability of future transactions with more optimistic investors, public dissemination of information

lowers the magnitude of bubbles.

A popular measure of the degree of public dissemination of information is the number of financial an-
alysts covering a stock, analyst coverage (Brennan et al., 1993} Hong et al.,2000; |Duarte et al., 2008};
Hong and Kacperczykl 2010; Kelly and Ljungqvist,|2012). Financial analysts gather information from
a variety of formal sources, such as financial disclosures, news, and earnings conference calls, but also
via informal channels, such as discussions with firms’ management, brokerage clients, and investors,
to produce reports assessing the performance of financial assets (Bradshawl 2011). These reports can
coordinate beliefs by aggregating complex information and presenting it in an easily understandable
manner to less sophisticated investors (Chang et al., 2007). Thereby, an increase in the number of
analysts covering a stock can raise the rate of information flow to market participants and lead to a

higher degree of belief coordination.

A substantial empirical literature indicates that analyst coverage conveys information to the market
(Lys and Sohn, [1990; [Womack, 1996; |Ayers and Freeman, 2003; Hong et al.,|2000). In a study closely

°It should be noted that behavioural models establish a link between bubbles, transaction volume, and volatility (Scheinkman and
Xiong| 2003} [Scheinkman| [2014), which makes the distinction between fundamental and non-fundamental factors even less clear.

""We are grateful to a referee for motivating the examination of public dissemination of information, short-sale constraints, and
margin trading in our empirical analysis.
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related to ours, |Andrade et al.| (2013)) use several measures of overvaluation and show that Chinese
stocks covered by a greater number of analysts were much less affected by the spectacular boom-bust
episode of 2007. Furthermore, the authors provide evidence in favour of the hypothesis that analyst
coverage reduced bubble intensity by lowering the dispersion of beliefs. We collect data on analyst

coverage from IBES.

e Short-Sale Constraints. Short sale constraints are widely believed to impact on the functioning of
capital markets. From a theoretical perspective, their effect on asset prices is ambiguous (Beber and
Paganol 2013). In a highly cited paper, Miller| (1977) hypothesizes that short-sale constraints can re-
sult in overpricing as they prevent the information held by bearish investors, who do not own a stock,
from being impounded into market prices. This prediction is in line with the conventional view that
short-sale impediments act as a limit-to-arbitrage, restricting investors from exploiting and eliminat-
ing overpricing and making bubble formation more likely. [Diamond and Verrecchia (1987) show,
however, that Miller’s prediction does not hold under rationality and risk neutrality because rational
agents factor in their valuations the fact that short-sale constraints restrain investors with negative in-
formation from trading. [Chang et al.| (2006)) propose a model in which rational, risk averse investors
trade to share risks and to speculate on private information. In this framework, short-sale constraints
can actually cause securities to sell below fundamental values. On the one hand, short-sale constraints
induce a slower price discovery, which increases the risk perceived by less informed investors and
makes them require higher returns, thus causing market prices to decline. On the other hand, limiting
short sales related to risk sharing raises the demand for assets and, thereby, their price. Depending on
whether the information or risk-sharing effect dominates, the introduction of a short-sale constraint
can lead to systematically lower or higher prices compared to fundamentals. |Bhojraj et al.| (2009)
also demonstrate that short sellers may not eliminate overpricing when there is ‘synchronisation risk’
so that arbitrageurs cannot predict each others trading strategies (see also |Abreu and Brunnermeier,
2002, 2003)/™]

Most of the empirical literature finds positive effects of short selling on stock market efficiency and
the process of price discovery (e.g.|Chang et al., 2007; |Alexander and Petersonl 2008 Diether et al.,
2009; |Autore et al., 2011; [Boehmer et al., 2013). By employing either short interest or shorting flow
data, the majority of empirical studies suggest that short sales are based on value-relevant information
and reduce overvaluation (see, e.g. Asquith and Meulbroek, |1995} Dechow et al., 2001} |Asquith et al.,
2005; |Christophe et al., 20045 |Boehmer et al., 2008b; Diether et al., 2008} |Curtis and Fargher, 2014)

However, there are also studies that fail to find a significant relationship between short-sale constraints

"TA number of papers show that short selling can also cause price manipulation and amplify price declines, thereby increasing
the severity of a market crash (e.g/Allen and Gale} |1992; |Hong and Stein} 2003} \Goldstein and Guembel, 2008}, |Brunnermeier and
Oehmkel 2013)).
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and asset prices (e.g. Battalio and Schultz, |2006; Boehmer et al., 2008a; [Diether et al., [2009; |Kaplan

et al.,|2013)) or provide evidence against the overvaluation hypothesis (Doukas et al., 2006).

Following previous literature, we use differences in short-interest ratios (shares sold short over total
shares outstanding) as a relevant instrument for differences in short-sale constraints across markets
Our null hypothesis is that an increase in the short-interest ratios for A shares with respect to those
for their H counterparts is associated with a relative decline in A-share prices, and thus with a lower
probability of a bubble occurring. To construct the short interest variable, we download data on
SSE and SZSE securities lending from the China Stock Market & Accounting Research (CSMAR)
database provided by GuoTaiAn, and obtain short-selling data for H shares from the Historical Data
Service of the Hong Kong Exchanges and Clearing Market website.

e Margin Trading. Academics and policy makers have long argued that the interaction of credit and
speculation is an essential component of booms and crises (Fisher, 1933} Borio et al., 2002} Mishkin
et al., 2008} [Mishkinl 2009; Jorda et al., 2016). This view is supported by recent theoretical work
which links bubble formation to the expansion of credit (Barlevy, 2014} Martin and Ventura, 2016
Miao and Wang|, 2018)), and also by several empirical papers that provide strong evidence in favour of
credit-fuelled bubbles in asset markets (Wachter, [2015; Jorda et al., [2015)).

In mainland China, trading on margin, like short selling, was strictly prohibited until March 2010.
In the following years and especially during the 2014-15 stock market boom, the volume of margin
trading surged. Between June 2014 and June 2015, outstanding margin loans quintupled from 403
billion RMB to 2.27 trillion, which comprised around 12 percent of the combined free float of the
Shanghai and Shenzhen stock markets - the highest level of margin to free float in the history of
global equity marketspzl In line with the academic literature on leveraged bubbles, this unprecedented
expansion in credit is generally viewed as a prime cause of the 2014-15 stock market rally and the
subsequent crash. However, to the best of our knowledge, there is still no formal statistical evidence
to support this hypothesis. To fill this gap in the literature, as a final explanatory variable, we employ a
margin proxy: the volume of margin trading as a percentage of the total volume of shares outstanding

for securities traded in mainland Chinal™

12In addition to short interest ratios, indirect proxies for short-sale constraints include breadth of ownership (Chen et al., 2002),
institutional ownership (Nagel, [2005; Hirshleifer et al.|, [2011), and rebate rates (Jones and Lamont, [2002}; |Geczy et al.l 2002}
Drechsler and Drechsler, |2014). In our analysis, we focus on short interest ratios because weekly lending data are readily available
at the stock level. On the contrary, rebate rates are not publicly available. As a consequence, empirical studies have been limited to
proprietary databases over short time periods. With regard to institutional ownership, Nagel (2004) and |Asquith et al.| (2005)), find
that this proxy is highly correlated with short interest.

3The evolution of margin financing in mainland China and its impact on equity prices was extensively covered by the financial
press. See, for instance, Untameable Market (The Economist, 3 July 2015).

It should be noted that our margin proxy suffers from two limitations. First, it is based solely on data for mainland China
since margin trading data is not available for the Hong Kong market and, second, it does not account for other types of leveraged
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The above set of covariates does not account for two potential determinants of AH premia: macroeco-
nomic conditions and information asymmetries between local and overseas investors. The reason for not
examining the former determinant is twofold. First, because macroeconomic variables are observed at a low
frequency (monthly or quarterly), their use requires temporal aggregation of the high-frequency financial
variables and, most importantly, of the bubble indicator process b; ;. This change in frequency can induce
non-random measurement error in the left hand side variable of the probit model (especially given that the
identified episodes of exuberance are relatively short) and thereby result in biased and inconsistent regres-
sion estimates (Hausman, 2001). Second, as shown by previous literature, macroeconomic variables do not
appear to have a statistically significant relationship with movements in AH premia so that their omission
should not have a substantial impact on our results (Chung et al.,[2013)). With regard to information asymme-
tries between local and overseas investors, a proxy for this factor is given by market capitalization. However,
market capitalization is itself a function of share prices and, as such, is directly influenced by the presence
of speculative bubbles. Consequently, this proxy cannot shed light on whether episodes of exuberance in

A-H price differentials are due to asymmetric information or speculation.
INSERT TABLE

Having specified the set of explanatory variables, we turn to the DPP estimation results. Table[6]presents
coefficient estimates, marginal effects, standard errors, likelihood ratio (LR) statistics, and McFadden R2%s
for two specifications, DPP1 and DPP2. In DPPI, the set of covariates is restricted to an intercept, the
lagged value of the bubble indicator, the measure of relative market conditions, the proxy for short-sale
restrictions, analyst coverage and the proxy for margin trading in mainland China, i.e., X;; =(1, b;;_1,
market, analyst coverage, short interest, margin). While, in DPP2, we also include the four variables that
account for fundamental sources, i.e., X; ; =(1, b; ;—1, market, analyst coverage, short interest, margin, risk,
volume, spread, spot).

Overall, the estimation results for the two DPP models suggest that fundamental sources cannot explain
episodes of exuberance in A-H price differentials. The coefficients on risk, volume, spread and spot are
individually statistically insignificant, and the LR test fails to reject the joint null hypothesis that all four
coefficients are equal to zero with a p-value of 0.623. Furthermore, the difference between the McFadden
R?s of the restricted and unrestricted models is minimal.

On the other hand, the coefficient estimates for the variables related to speculation are correctly signed

and statistically significant at the one percent level with only one exception, the instrument for short-sale

financing available to retail investors. The latter limitation is likely more important for our analysis. Before the 2015 crash, grey-
market margin lending thrived in mainland China, with estimates placing it as high as 1 to 1.5 trillion RMB (for a discussion of
unregulated margin borrowing in mainland China, see So you're a leveraged stock market investor with poor timing in China?
(Financial Times, 15 July 2015) and the May 2015 report of Credit Suisse). As a consequence, our empirical results may understate
the strength of the relationship between total financing and speculative bubbles.
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constraints. Starting with the market variable, which captures differences in market-wide speculation, we
observe that this proxy is positively associated with the likelihood of bubble formation. This implies that as
mainland Chinese markets become more bullish in comparison to the Hong-Kong market, there is a higher
probability of an episode of exuberance in A-H price differentials occurring. According to the marginal
effect estimates for DPP1 and DPP2, the magnitude of this relationship is substantial, with a one percent
increase in the log difference between the A- and H-share price indices being associated with a three per-
centage points increase in the probability of exuberance. This finding provides support to the claim that the
divergence of A-share prices from their fundamental values is related to market-wide speculation.

Our results are also broadly consistent with real option theories which predict that the public dissemi-
nation of information reduces overpricing through the coordination of investors’ beliefs. Specifically, our
results indicate that as the number of analysts covering a stock (analyst coverage) increases the likelihood
of bubble formation in A-H price differentials declines -though the marginal effect is smaller compared to
the market variable. The relationship between public dissemination of information and exuberance has pol-
icy implications. It implies that micro-level policies can contribute toward financial stability by enhancing
the information flow to Chinese markets. Such policies may consist of regulating information disclosure
by firms, subsidising analyst coverage and coordinating the matching process of analysts and firms (for a
detailed discussion, see /Andrade et al., 2013)).

The relation between credit and asset price exuberance has also policy relevance. In line with the theo-
retical and empirical literature on leveraged bubbles, we find that credit expansion, approximated by margin,
is associated with an increase in the likelihood of bubble formation. Since margin trading was prohibited in
mainland China prior to 2010, this finding supports the commonly held view that credit played a significant
role in the development of the stock market bubble of 2014-15. This conclusion justifies the actions of the
Chinese authorities in 2015 which, although long-delayed, aimed at limiting speculative trading by i) en-
forcing stricter regulations on margin trading and ii) by cracking down on grey-market lending (Huang et al.,
2019). In a wider policy context, the 2014-15 Chinese stock market crash forms part of a series of financial
events that highlight the need for a robust system of regulation and financial supervision that prevents credit
excesses (see, e.g., Yellen, 2011}).

With regard to the short-sale proxy, we observe that the estimated coefficient on this variable is negative,
in line with Miller’s hypothesis that short selling reduces overpricing, but statistically insignificant. The fact
that short sellers did not lean against the 2014-15 bubble is also evident by the relatively low short-selling
volume in Chinese markets, which prior to the market crash did not exceed 10.3 billion RMB. A potential
explanation for this behaviour is provided by theoretical models with ‘noise-trading’ or ‘synchronisation’
risk (Brunnermeier and Oehmke) [2013)). In the former models, rational arbitrageurs with finite horizons
refrain from trading against the bubble because noise traders may widen the mispricing. While, in the latter,

bursting the bubble requires synchronised action by arbitrageurs, who are however unable to coordinate.
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The uncertainty about the timing of the price correction, makes it optimal for rational agents to ride rather

than trade against the bubble.

5 Conclusion

In the presence of limits to arbitrage, speculative bubbles can cause financial assets with the same market
fundamentals to trade at different prices in different locations. These deviations from the law of one price
display, like the bubble process, explosive dynamics and have predictive content for equity price movements.
Based on these two predictions, we proposed a new approach for bubble detection in segmented markets that
utilizes recursive unit root tests and predictive regressions. By applying these methods to data on Chinese
cross-listed shares, we found strong evidence in favour of speculative dynamics. Interestingly, for the vast
majority of cross-listed securities, the identified periods of exuberance coincide with the Chinese stock
market frenzy of 2007 and the market crash of 2014-15. These findings point to a market-wide speculative
factor driving Chinese share prices. Finally, we employed a dynamic panel probit model to shed light on
the determinants of exuberance. The estimation results suggest that the likelihood of exuberance in A-H
price differentials is associated with a proxy for credit expansion and a measure of public dissemination
of information. This highlights the importance of micro-level and macroprudential policies for financial

stability.
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A Appendix

The Appendix describes the econometric methods employed to test for speculative bubbles, and provides
technical details for their estimation. Specifically, it outlines the GSADF test of |Phillips et al.| (2015a.b),
the proposed extension to a panel setting of Pavlidis et al| (2016), and the IVX method of |Phillips and
Magdalinos| (2009) and |[Kostakis et al.| (2015)). The last section of the Appendix presents estimation results

for the dynamic panel probit that includes changes in forward exchange rates.

A.1 Recursive Unit Root Tests
The GSADF Test Consider the following augmented Dickey-Fuller regression equation

k

Ayt = Qpry,ro + Vrlr2Yt—1 + Z T,Z)ZMQ Aytfj + €, (20)
=1

where y; denotes a time series process, ¢ YN (0, Un p)» and 71 and 7o denote fractions of the total
sample size that specify the starting and ending points of a subsample period. We are interested in testing
the null hypothesis of a unit root, Hy : v, », = 0, against the alternative of explosive behaviour in y;,
Hy ey ry > 0. Let

ADF;? = 7,1 9/s.e.(Vr1,r2)

denote the test statistic corresponding to this null hypothesis. |Phillips et al.| (2015a)) propose a recursive-
rolling testing procedure which consists of estimating the ADF regression (20) on a large number of sub-
samples of the available data. The authors show that, under the null, the supremum of the resulting ADF
statistics

GSADF(rg) = sup ADF,?

ro€lro,1],r1€[0,r2—70]

has the following limit distribution

2 W (ro)? = W(r)? = r] = [T2 W (r)dr[W(rs) = W(r1)]

T w

sup
ra€lro.1];r €[0.ra o] rid e [12 W (r)2dr — [[72 W (r)dr]2}1/2

where rg denotes the minimum window size, r,, = ro — r1, and W is the standard brownian motion.
If the GSADF test rejects the null hypothesis of a unit root then, in a second stage, the exact period(s)

during which the series under examination displayed explosive dynamics can be identified. The dating
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strategy of Phillips et al.| (2015alb) is based on the BSADF statistic given by

BSADF,,(rg) = sup  ADF}?2. (21)
r1€[0,r2—70]
The origination date of the bubble corresponds to the first observation that the BSADF statistic exceeds its
critical value
Pe = inf {ry:BSADFE,,(ro) > sculT},

r2€[ro,1]

and the termination date to the first observation after which the BSADF falls below its critical value

Tr= meir[}f)’l]{rg : BSADF,, (r9) < scufg},
where scufg is the 1 — [ critical value of the supremum ADF test based on |27 | observations, and 7 is
the chosen significance level.

The computation of the BSADF and GSADF test statistics requires the selection of the minimum
window size r¢ and the lag length k. Following |Phillips et al.[ (2015a), we use the rule-of-thumb r¢ =
0.01 4+ 1.8/ VT, and select a short lag length, k& = 1. The implementation of the unit root tests also neces-
sitates the limit distributions of the BSADF and GSADF test statistics, which are non-standard. To obtain

finite-sample critical values, we simulate 2000 random walk processes with N (0, 1) errors.

The Panel GSADF Test Inspired by the work of Im et al.| (2003), Pavlidis et al.|(2016) propose an exten-
sion of the GSADF test procedure to heterogeneous panels. Consider the multivariate version of the ADF

regression equation

LY
Ayit = iy ey + Vi1, Yirt—1 + ijl"/}i,n,rszi,t—j + €, (22)

where ¢ = 1, ..., N, denotes the cross-listed company index. The null hypothesis of the panel test is that all
N cross-listed companies have a unit root, Hy : 7; r, », = 0, against the alternative of explosive behaviour
in a subset of units, Hy : 7;, ,», > 0 for some ¢. This alternative allows for ; ,, ,, to differ across units
and, therefore, is more general than approaches based on the homogeneous alternative hypothesis.
The panel procedure of |Pavlidis et al.| (2016)) is based on the average of the individual BSADF statistics
at each time period
1 N
panel BSADF,, (r9) = = > |~ BSADFi, (ro), (23)

which provides a measure of overall exuberance in the sample. Given (23), the definition of the panel
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GSADF is simply

panel GSADF (r9) = sup panel BSADF, (ro). (24)
r2€[ro,1]

The results of Maddala and Wu| (1999) and |Chang| (2004) show that the distribution of panel unit root tests
based on mean statistics is not invariant to cross-sectional dependence of the error terms ¢;. To deal with this
complication, Pavlidis et al.| (2016) employ a sieve bootstrap procedure to draw statistical inference. The

procedure consists of the following steps:

1. For each panel unit 7, impose the null hypothesis and fit the restricted ADF regression,
k .
Ay27t = ai,Tl,TQ + Z¢g’r1’r2 Ayl,t—] + 6i,t7
j=1

N j
to obtain a; r, ,, z/JMMQ

forj=1,...,k, and é;.

2. To preserve the dependence structure of the error term, generate bootstrap residuals, egt, by sampling

with replacement columns from the residual matrix €.

3. Recursively simulate artificial samples for first differences,

k
b o J b b
Ayi,t = i,y T Zwi,n,mAyz‘,t—j + €
j=1

and for levels,

t
b b
Ayi,t = Z Ayi,p'

p=1

4. Compute the sequence of panel BSADF statistics and the panel GSADF statistic for the simulated

series.

5. Repeat steps 2 to 4 one thousand times to obtain the empirical distribution of the test statistics under

the null.

Similarly to the univariate testing procedure, dating episodes of overall exuberance consists of com-
paring the panel BSADF with the sequence of critical values obtained from the bootstrap procedure. The
origination date is set equal to the first observation that the panel BSADF statistic exceeds the 1 — S criti-
cal value, and the termination date is set equal to the first observation that the Panel BSADF falls below the

1 — B critical value.
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A.2 The IVX Testing Procedure

Consider the following bivariate system

Yirl = QTy + UL 41, (25)

Tiy1 = PpTet Uiy, (26)

where the errors (uj 441, u27t+1)' follow a martingale difference sequence, and p = 1+4¢/7T" for some vy > 0.
In this setting, the AR coefficient for the regressor is allowed to take a wide range of values. Depending on
the value of ¢ and -, the regressor can be an i) integrated (¢ = 0 or v > 1), ii) local-to-unity (¢ # 0 and
~ = 1), iii) near stationary (¢ < 0 and v € (0, 1)), iv) locally explosive (¢ > 0 and v = 1), or v) mildly
explosive (¢ > 0 and v € (0,1)) process. The IVX procedure is based on the creation of an instrument z;
which, although relies on the regressor, always falls in the near stationary category iii. In particular, given

an artificial autoregressive scalar,
p.=14c/T¢ (€(0,1), ¢ <0, (27)
the IVX instrument is initialized at zero and sequentially computed for the remaining periods according to
2t = przp—1 + Axy. (28)

It can be shown that the estimator >
~ 2tYt+-1
avx = W’ (29)

has the following limit theory

14+
T2 (Gyx — a) = 1/,

where 1)/ is a mixed normal variable, and the IVX test statistic

arvx — «

IVX = —
OIVX

is standard normal (Phillips and Magdalinos,2009; |Kostakis et al., | 2015} [Phillips and Lee),2013)). Simulation
results in |Kostakis et al.|(2015)) and [Pavlidis et al.|(2017) indicate that the IVX test has good size and power

properties in finite samples.

A.3 Dynamic Panel Probit Results for Forward Exchange Rates

INSERT TABLE
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Tables & Figures

TABLE 1 — DISTRIBUTION OF CASH MARKET TRADING VOLUME BY INVESTOR TYPE AND ORIGIN

2006-07 2007-08 2008-09 2009-10 2010-11 2011-12 2012-13 2013-14 2014-15 2016 2018 Full Sample
Retail Total 32% 29% 29% 25% 26% 21% 23% 25% 27% 23% 16% 25%
- Local Retail 28% 26% 25% 21% 22% 17% 18% 20% 19% 16% 10% 20%
- Overseas Retail 4% 3% 4% 4% 4% 4% 5% 5% 8% 1% 6% 5%
Institutional Total 64% 65% 62% 65% 62% 63% 61% 58% 50% 53% 55% 60%
- Local Institutional 25% 27% 24% 23% 20% 21% 20% 24% 19% 20% 20% 22%
- Overseas Institutional 39% 38% 38% 42% 42% 42% 41% 34% 31% 20% 20% 35%
Other 4% 6% 8% 10% 12% 15% 16% 16% 22% 24% 29% 15%
US+Europe 71% 74% 70% 69% 69% 69% 67% 64% 56% 57% 51% 65%
Asia 22% 22% 26% 27% 22% 21% 24% 29% 36% 36% 42% 28%

Source: Hong Kong Exchanges and Clearing Limited Cash Market Transaction Surveys from 2007 to 2016.

TABLE 2 — CHINESE CROSS-LISTED COMPANIES

Company Name Abbreviation Sector A-Ticker H-Ticker ADR-Ticker
Angang Steel Angang Materials 000898.SZ 0347.HK

Anhui Conch Cement Anhui Conch Materials 600585.SS  0914.HK

Anhui Expressway Anhui Express Industrials 600012.SS  0995.HK
Guangzhou Baiyunshan Pharmaceutical Holdings Baiyunshan Health Care 600332.SS  0874.HK

China Eastern Airlines China East Air Industrials 600115.SS 0670.HK CEA
China Petroleum & Chemical China Petroleu Energy 600028.SS 0386.HK SNP
COSCO Shipping Energy Transportation Cosco Shipping  Industrials 600026.SS  1138.HK

CSSC Offshore & Marine Engineering Group CSSC Marine En  Industrials 600685.SS  0317.HK
Dongfang Electric Dongfang Elec Industrials 600875.SS 1072.HK
Huadian Power International Huadian Power Utilities 600027.SS 1071.HK
Huaneng Power International Inc Huaneng Power  Utilities 600011.SS 0902.HK HNP
Jiangsu Expressway Jiangsu Exp Industrials 600377.SS 0177.HK
Jiangxi Copper Jiangxi Copper Materials 600362.SS  0358.HK
Beijing Jingcheng Machinery Electric Jingcheng Mach  Industrials 600860.SS 0187.HK
Maanshan Iron & Steel Maanshan Iron Materials 600808.SS  0323.HK
Nanjing Panda Electronics Nanjing Panda Information Technology 600775.SS  0553.HK
Northeast Electric Development Northeast Elec Industrials 000585.SZ 0042.HK
Sinopec Shanghai Petrochemical S Sh Pechem Materials 600688.SS  0338.HK SHI
Sinopec Oilfield Service Sinopec Oilfie Energy 600871.SS 1033.HK

China Southern Airlines Southern Air Industrials 600029.SS 1055.HK ZNH
Shenzhen Expressway Sz Expressway Industrials 600548.SS  0548.HK
Tianjin Capital Environmental Protection Group  Tianjin Cap Industrials 600874.SS  1065.HK
Tsingtao Brewery Tsingtao Brew Consumer Staples 600600.SS 0168.HK
Shandong Xinhua Pharmaceutical Xinhua Pharm Health Care 000756.SZ 0719.HK
Yanzhou Coal Mining Yanzhou Coal Energy 600188.SS 1171.HK

ZTE ZTE Information Technology 000063.SZ 0763.HK

Notes: SS, SZ, and HK indicate shares listed on the Shanghai Stock Exchange, the Shenzhen Stock Exchange, and the Stock Exchange of Hong
Kong, respectively. All American Depository Receipts (ADRs) are traded on the New York Stock Exchange.
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TABLE 3 — DESCRIPTIVE STATISTICS OF A- TO H-SHARE PRICE RATIOS

Company Mean SD Min Max AR(1)
Angang 1.077 0.261 0.704 2.312 0.953
Anhui Conch 0.927 0.134 0.603 1.491 0.929
Anhui Express 1.549 0.538 0.863 3.184 0.982
Baiyunshan 1.875 0.515 1.200 3.559 0.972
China East Air 2.131 0.842 1.128 5.949 0.972
China Petroleu 1.343 0.398 0.838 2.553 0.979
Cosco Shipping 1.467 0.363 0.866 2.768 0.956
CSSC Marine En 1.972 0.680 0.816 3.843 0.978
Dongfang Elec 1.493 0.344 0.861 2.772 0.959
Huadian Power 1.882 0.646 0.816 3.950 0.977
Huaneng Power 1.410 0.327 0.787 2.184 0.968
Jiangsu Exp 1.027 0.151 0.706 1.554 0.931
Jiangxi Copper 1.852 0.471 1.047 3.589 0.957
Jingcheng Mach 3.322 0.813 1.571 7.375 0.942
Maanshan Iron 1.418 0.442 0.838 3.530 0.963
Nanjing Panda 3.503 1.057 1.673 6.180 0.975
Northeast Elec 3.428 0.808 1.404 7.344 0.947
S Sh Pechem 2.696 0.959 1.208 5.070 0.978
Sinopec Oilfie 3.626 1.182 1.273 8.851 0.967
Southern Air 1.886 0.639 1.008 4.258 0.973
Sz Expressway 1.474 0.278 0.892 2.610 0.945
Tianjin Cap 3.019 0.866 1.430 6.569 0.968
Tsingtao Brew 1.115 0.193 0.808 1.824 0.949
Xinhua Pharm 2.839 0.614 1.559 4.647 0.960
Yanzhou Coal 1.828 0.566 0.870 3.591 0.965
ZTE 1.238 0.237 0.825 2.316 0.930

Note: The table presents means, standard deviations, minimum and maximum values, and AR(1) coefficient estimates for A-H price ratios.
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TABLE 4 — BUBBLE DETECTION TESTS: A-H SHARES

Company ADF GSADF ‘ Company ADF GSADF
Angang -3.593 3.197** Jingcheng Mach -3.391 4.339***
Anhui Conch -3.765 1.004 Maanshan Iron -3.247 3.386***
Anhui Express -2.313 7.012%* Nanjing Panda -4.568 4.233***
Baiyunshan -4.188 1.670 Northeast Elec -3.001 3.432%**
China East Air -2.859 5.718*** S Sh Pechem -2.655 3.722%**
China Petroleu -2.148 3.835%** Sinopec Oilfie -2.856 5.640***
Cosco Shipping -3.141 3.033*** Southern Air -2.952 4.230***
CSSC Marine En -3.132 4.722%** Sz Expressway -3.796 4.606***
Dongfang Elec -4.310 2.348** Tianjin Cap -3.435 8.663***
Huadian Power -3.243 3.078*** Tsingtao Brew -3.378 3.002***
Huaneng Power -2.800 3.411%% Xinhua Pharm -3.066 4.703***
Jiangsu Exp -3.570 2.447** Yanzhou Coal -3.878 3.552%**
Jiangxi Copper -2.986 4.530*** ZTE -3.369 1.450

AH Premium Index -2.977 3.225%** Panel 1.829**

Notes: The table reports ADF, GSADF, and panel GSADF test statistics for the AH premium index and the 26 cross-listed companies. *,** and ***
denote statistical significance at the ten, five, and one percent levels, respectively. The minimum window size for the GSADF and panel GSADF
test is set equal to 53 weeks. Finite sample critical values are obtained from using 2000 simulations.

TABLE 5 — BUBBLE DETECTION TESTS: AMERICAN DEPOSITORY RECEIPTS

ADR-H A-ADR
Company ADF GSADF ADF GSADF
China East Air -17.911 -0.729 -2.874 5.597***
China Petroleu -17.381 -3.035 -2.155 3.964***
Huaneng Power -15.837 -1.190 -2.830 3.131%**
S Sh Pechem -15.579 -2.142 -2.646 3.660***
Southern Air -16.252 -0.523 -2.942 4.068***
Panel -3.043 2.9571***

Notes: The table reports GSADF test statistics for the difference between the prices of A shares and ADRs, as well as the difference between the
prices of ADRs and H shares. *,** and *** denote statistical significance at the ten, five, and one percent levels, respectively. The minimum
window size for the GSADF and panel GSADF test is set equal to 53 weeks. Finite sample critical values are obtained from using 2000 simulations.
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TABLE 6 — ESTIMATION RESULTS FOR THE DYNAMIC PANEL PROBIT MODEL

DPP1
Coefficient Estimate Marginal Effects Coefficient Estimate Marginal Effects
lagged exuberance 2.682%** 0.519*** 2.679%** 0.516***
(0.089) (0.035) (0.089) (0.036)
market 2.220%** 0.033*** 2.273%** 0.033***
(0.281) (0.004) (0.284) (0.004)
analyst coverage -0.035*** -5.2e-04*** -0.036*** -5e-04***
(0.008) (1.2e-04) (0.008) (1.3e-04)
short interest -0.086 -0.001 -0.068 -0.001
(0.074) (0.001) (0.076) (0.001)
margin 0.008*** 1.2e-04*** 0.008*** 1.2e-04***
(0.002) (2.6e-05) (0.002) (2.8e-05)
risk -3.6e-08 -5.3e-10
(7.1e-07) (1.0e-08)
volume -0.004 -5.7e-05
(0.006) (8.6e-05)
spread -1.008 -0.015
(0.754) (0.011)
spot -0.989 -0.015
(9.615) (0.141)
Constant -2.915%** -2.883***
(0.112) (0.118)
McFadden R? 0.518 0.519
LR Statistic (p-value) 2.619 (0.623)

Notes: The table presents coefficient estimates, marginal effects, standard errors, and McFadden R2s for a restricted (DPP1) and an unrestricted
(DPP2) model specification. It also reports the likelihood ratio (LR) statistic and the corresponding p—value for the restriction that the coefficients

on risk, liquidity, spread, and spot are equal to zero. and *** denote statistical significance at the ten, five, and one percent levels, respectively.

* Kk
>
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TABLE 7 — ESTIMATION RESULTS FOR THE DYNAMIC PANEL PROBIT MODEL (FORWARD RATES)

DPP1 DPP2
Coefficient Estimate Marginal Effects Coefficient Estimate Marginal Effects
lagged exuberance 2.625%** 0.466*** 2.624*** 0.464***
(0.134) (0.051) (0.134) (0.052)
market 1.484*** 0.017*** 1.434%** 0.016***
(0.422) (0.004) (0.433) (0.004)
analyst coverage -0.025*** -2.9e-04*** -0.024** -0.000**
(0.010) (1.1e-04) (0.010) (0.000)
short interest -0.132 -0.001 -0.135 -0.001
(0.103) (0.001) (0.104) (0.001)
margin 0.009*** 1.0e-04*** 0.009*** 0.000***
(0.002) (2.3e-05) (0.002) (0.000)
risk -3.6e-08 -0.000
(7.1e-07) (0.000)
volume 0.003 0.000
(0.005) (0.000)
spread -0.565 -0.006
(1.327) (0.015)
forward -0.553 -0.006
(10.004) (0.111)
Constant -2.861*** -2.868***
(0.136) (0.140)
McFadden R? 0.447 0.447
LR Statistic (p-value) 0.561 (0.967)

Notes: The table presents coefficient estimates, marginal effects, standard errors, and McFadden R2s for a restricted (DPP1) and an unrestricted
(DPP2) model specification. It also reports the likelihood ratio (LR) statistic and the corresponding p—value for the restriction that the coefficients
on risk, liquidity, spread, and forward are equal to zero. *,** and *** denote statistical significance at the ten, five, and one percent levels,
respectively.
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FIGURE 1 - HANG SENG INDICES

2004 F 8000
A Index
— AH Premium Index
150 F 6000
x
o
kel
£
c >
2 =5
IS o
TR B .V . I R W W B ) N e
& 100 +4000
T
<
504 F2000

2007 2009 2011 2013 2015 2017 2019

FIGURE 2 — DATE-STAMPING PERIODS OF MARKET EXUBERANCE
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Notes: The plots display the sequence of BSADF statistics (solid line) together with the corresponding 95 percent critical value sequence (dotted
line) for the AH premium index (left) and the panel of 26 cross-listed companies (right). Critical values are obtained using 2000 simulations. The
minimum window is 53 weeks. The shaded areas indicate periods of exuberance.
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FIGURE 3 — DATE-STAMPING PERIODS OF EXUBERANCE IN A-H PRICE DIFFERENTIALS
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FIGURE 4 — DATE-STAMPING PERIODS OF IN-SAMPLE PREDICTABILITY
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Notes: The figure shows the periods of exuberance in A-H share price differentials identified by the BSADF date-stamping strategy. 95 percent
critical values are obtained using 2000 simulations. The minimum window size is 53 weeks.

Notes: The figure shows the periods of in-sample predictability of A-share price movements identified by IVX rolling-predictive regressions. The
regressor in Equation (T3) is the A-H price differential. The window size is 53 weeks.
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FIGURE 5 — DATE-STAMPING PERIODS OF EXUBERANCE IN A-ADR PRICE DIFFERENTIALS
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Notes: The figure shows the periods of exuberance in A-ADR price differentials identified by the BSADF date-stamping strategy. 95 percent critical
values are obtained using 2000 simulations. The minimum window size is 53 weeks.

FIGURE 6 — DATE-STAMPING PERIODS OF IN-SAMPLE PREDICTABILITY
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Notes: The figure shows the periods of in-sample predictability of A-share price movements identified by IVX rolling-predictive regressions. The
regressor in Equation @) is the A-ADR price differential. The window size is 53 weeks.
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