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Ö
n

d
er

an
d

G
u
n
te

r
(2

01
6)

c
,d

T
ou

ri
st

ar
ri

va
ls

to
V

ie
n

n
a

G
T

D
P

o
p

.
A
D
L

sA
R

,
H

W
,

sR
W

m
7

1
2

1
2

5
6
.4

%
M

A
E

P
an

an
d

Y
an

g
(2

01
6)

c
,d

H
ot

el
o
cc

u
p

an
cy

G
T

D
P

o
p

.
A
R
M

A
X

A
R

M
A

,
M

S
D

R
w

1
2

2
4
.7

3
%

M
A

P
E

P
en

g
et

al
.

(2
01

6)
c

T
ou

ri
st

vo
lu

m
e

J
iu

zh
ai

V
a
ll

ey
B

A
U

V
o
l.

A
R
X

A
R
X

d
1

3
1

-
R

iv
er

a
(2

01
6)

H
ot

el
re

gi
st

ra
ti

on
s

P
u

er
to

R
ic

o
G

T
D

P
o
p

.
D
L
M

,
H

W
sR

W
,

H
W

,
sA

R
IM

A
m

1
1

1
2

9
.1

8
%

M
A

P
E

H
u

an
g

et
al

.
(2

01
7)

a
,c

T
ou

ri
st

vo
lu

m
e

F
or

b
id

d
en

C
it

y
B

A
U

V
o
l.

A
R
X

A
R

IM
A

,
A

R
X

d
1

2
1

1
4
.5

%
R

M
S

E

L
i

et
al

.
(2

01
7)

c
T

ou
ri

st
ar

ri
va

ls
to

B
ei

ji
n

g
B

A
U

V
o
l.

A
R
M

A
X

A
R

M
A

,
A
R
M

A
X

w
1

5
4

3
7
%

M
A

P
E

Ö
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Table A6: Abbreviations of forecasting models

Model Abbreviation

AAR Additive AR
ABT AdaBoost
ADL Autoregressive Distributed Lag
AR Autoregressive
ARFIMA AR Fractional Integrated Moving Average
ARIMA AR Integrated Moving Average
BH Buy and Hold strategy
BMA Bayesian Model Averaging
BSTS Bayesian Structural Time Series
BVAR Bayesian VAR
DLM Dynamic Linear Model
DW Dieci and Westerhoff Model
ELM Extreme Learning Machine
ESC Empirical Similarity Concept
IAC Housing a la Iacoviello
GARCH Generalised AR Conditional Heteroskedasticity
GB Gradient Boosting
GLM Generalised Linear Model
HAR Heterogeneous AR
HW Holt Winter
LR Linear Regression
LSTAR Logistic Smooth Transition AR
MA Moving Average
MSDR Markov Switching Dynamic Regression
NN Neural Network
PELM Parallel co-evolutionary ELM
RF Random Forest
RW Random Walk
SETAR Self-Exciting Threshold AR
SUR Seemingly Unrelated Regression
SVM Support Vector Machine
VAR Vector AR
VECM Vector Error Correction Model
VHAR Vector Heterogeneous AR

7


	os_workingpaper2018-2_title
	os_workingpaper2018-2

